The literature on the concept and measurement of poverty has significantly improved from the traditional unidimensional (income/expenditure) analysis to the multidimensional concept of poverty and well-being. Following the Multidimensional Poverty Assessment Tool (MPAT), the study explored the potential of combining counting and participatory approaches in determining levels of deprivations and well-being in an upland farming community in the Philippines. Data from a random sample of 153 farming households and analyzed following Alkire and the Foster's methodology revealed that 3 out of 4 households are multidimensionally poor. Results of the study also show that farming households' ability to generate farm-and non-farm income in addition to the high degree of exposure to idiosyncratic and covariate shocks contribute to the high multidimensional poverty index. Further, the study presents implications of these results for antipoverty policy in the rural context.
PUBLIC INTEREST STATEMENT
Poverty is multidimensional and mostly a rural phenomenon. Hence, this study assessed the level of deprivations and wellbeing of upland farming households in the Philippines using the Multidimensional Poverty Assessment Tool (MPAT) following the Alkire and Foster methodology. The study also explores the potential of employing counting approach while considering the voice of the poor in identifying the weights and deprivation cutoffs. The study revealed that 3 out of 4 households are multidimensionally poor. Most of the deprivations are associated with their ability to generate farm-and non-farm income in addition to the high degree of exposure to idiosyncratic and covariate shocks. The study suggests strengthening the Crop Insurance Program to provide a safety net among the farming household in case their livelihood was barely affected by extreme weather conditions.
Introduction
Eradicating poverty is one of the most critical issues in many parts of the world and remains the central goal and top priority of the international development agenda. Veritably, "Ending poverty in all its forms everywhere" was framed as the first among the 17 Sustainable Development Goals (SDGs) which was adopted by the United Nation General Assembly on 25 September 2015 (United Nation [UN], 2015, p. 15) .
Poverty in most developing countries is largely a rural phenomenon (Aguilar & Sumner, 2019; Alkire & Fang, 2018; Castañeda et al., 2018; Ozughalu & Ogwumike, 2019) . Rural poor depend mainly on common-pool resources and engage primarily in agriculture, fishing, mining, forestry, and other related small-scale industries and services (Kapur, 2019; Khan, 2001; Ogutu & Qaim, 2019) . They often lack productive assets needed to maximize their income and are constrained with the access to land, labor, inputs, irrigation and financial services (Food and Agriculture Organization, 2019;  International Fund for Agricultural Development [IFAD], 2018; Sabates-Wheeler, Devereux, Mitchell, Tanner, & Davies, 2008) .
Poverty is also recognized as multifaceted (Alkire & Foster, 2007; Anand & Sen, 1997; Atkinson, 2003; Bourguignon & Chakravarty, 2003) . Disagreement, however, among poverty scholars exists on what methodology to use in multidimensional poverty measurement. Methods such as the factor analysis, multiple correspondence analysis, and principal component analysis have evolved (Fransman & Yu, 2018) but the Alkire and Foster's (2011) multidimensional poverty index (MPI) has gained general acceptance among scholars. According to its MPI assessment in 103 countries across the globe, a total of 1.45 billion individuals are multidimensionally poor (Oxford Poverty and Human Development Initiative, 2017) . This estimate is far higher than the reported more than 800 million uni-dimensionally poor of the UN.
Poverty, however, as in the case of the UN data in 2015, used the monetary measure of poverty which discriminates other dimensions of wellbeing. Nonetheless, there is a broad consensus among scholars and institutions that acknowledge the limitation of monetary poverty measure (Chen, Leu, & Wang, 2019; Espinoza-Delgado & Klasen, 2019; Page & Pande, 2018) . Although the monetary measure is a strong predictor of individual's wellbeing (Alkire, Kanagaratnam, & Suppa, 2018; Waggle, 2005) and provides beneficial information (Calderon & Kovacevic, 2015) , it does not capture the holistic view such as the basic needs and the capability of the people as a basis for poverty identification (Chakravarty & Lugo, 2016; Sen, 2001) .
In the Philippines, almost a quarter of the population is considered poor (Philippine Statistics Authority, 2019) , and poverty is still predominantly a rural phenomenon (Sta Romana, 2017; World Bank, 2018) . Among the basic sectors, the marginalized farmers remain the poorest with a reported poverty incidence of 38.3% according to the 2015 poverty estimate of the PSA (2017). Among the rural population in the Philippines, indigenous peoples (IPs) and upland settlers are the poorest (Espiritu, Casin, & Camacho, 2010; Fortenbacher & Alave, 2014) . 7However, the country is still dominantly using monetary poverty measures despite the multidimensional recognition of poverty (Albert & Vizmanos, 2018; Datt, 2017) . Moreover, most of the studies in the country use the OPHI's dimensions and relative values (e.g. Balisacan, 2015; Bautista, 2018) . This study, nonetheless, aims to contribute to the body of knowledge related to multidimensional poverty such as the use of the 10-dimensional rural poverty framework; the use of the counting approach, AF methodology and dual cut-off approach in poverty identification; the use of participatory approaches in defining the deprivation cut-off, weights (or relative values) and poverty cut-off; and the use of axiomatic approach in poverty aggregation.
In the intended communities, this study was designed to measure the multidimensionality of poverty of upland farming households as there has been no published study which assesses the communities' well-being using multiple dimensions. Also, the study analyzed the relationship of the 10 dimensions of well-being and evaluate the factors affecting the multidimensional poverty of upland farming households.
Literature review
Amartya Sen, in his 1976 seminal paper "Poverty: An Ordinal Approach to Measurement," identified two steps that poverty measurement must address: (1) the identification of the poor among the population and (2) the aggregation of poverty data into an overall index. "Identification starts at the level of individual households or people while aggregation creates society-wide poverty measures" (Alkire, 2018, p. 4) .
Identification of the poor is one of the critical issues in multidimensional poverty measurement. According to Alkire et al. (2015) , the first step in multidimensional poverty requires defining the threshold in each indicator. They called it the dimensional deprivation cutoff. When a person 's achievement is below the cutoff, he/she is considered deprived. The "counting approach" is one of the censored achievement approaches which identify the poor according to the number (count) of deprivations they experience (Alkire et al., 2015) .
In counting identification methods, the criterion for identifying the poor can range from "union" to "intersection." Substantially, intermediate approach or also known as the "dual cut-off" is considered better than the two other approaches because it contains the union (deprived of at least one dimension) and the intersection (deprived of all the dimensions) approach (Alkire & Foster, 2011; Bossert, Chakravarty, & D'Ambrosio, 2009; Bruck & Kebede, 2013) .
Another important issue in the identification process is the question of who will identify the deprivation cutoff, weights, and poverty cutoff (Abdu & Delamonica, 2017; Pasha, 2017; Ravallion, 2012) . This study, however, favored the use of participatory approach. As Narayan (1998) claimed, "The poor are the true poverty experts." Hence, the development discourse should be based on the experiences, priorities, reflections, and recommendations of poor itself and not from the dominated perspectives and expertise of those who are not deprived-professionals, politicians and agency officials (Narayan, Patel, Schafft, Rademacher, & Koch-Schulte, 2000) .
The second concern in multidimensional poverty assessment is the process of aggregation. There are many approaches in poverty aggregation such as the dashboard approach (Ravallion, 2011) , composite indices approach ( (Anand & Sen, 1994 , 1997 United Nations Development Programme, 1995) , Venn diagrams (Ferreira & Lugo, 2013) , dominance approach (Kabubo-Mariara, Araar, & Duclos, 2013), statistical approach, fuzzy set approach (Bastos & Machado, 2009; Oyekale, Okunmadewa, Omonona, & Oni, 2009) , and axiomatic approach (Alkire et al., 2015) . This study used the axiomatic approach which articulately satisfies some of the properties for multidimensional poverty measurement. Actions that specify the axioms or properties they satisfy enable the analyst to comprehend the ethical principles they represent and to be aware of the track of change they will exhibit under specific conversions (Alkire et al., 2015) .
Further, poverty scholars must decide on what and how many dimensions should be used in poverty assessment. This study used the multidimensional poverty assessment tool (MPAT) which was developed, tested and piloted by the United Nation's International Fund for Agricultural Development (IFAD) for local-level rural poverty assessment (Saisana & Saltelli, 2010) . The dimensions of MPAT were based on the Basic Needs Theory (Streeten & Burki, 1978; Streeten, Burki, Haq, Hicks, & Stewart, 1981) , approach to social justice that gives priority to meeting people's basic needs, and the concept of New Rurality (Rauch, 2009) which recognizes the recent reality of many rural people lives now.
Methodology
This study employed multi-phased mixed-method design to assess the multidimensional poverty using the 10-dimensions of rural poverty and the modified Multidimensional Poverty Assessment Tool (MPAT) among the farming households of the upland communities in Goa, Camarines Sur Philippines from January to March 2018. Figure 1 shows the map of the study area. MPAT v.6 has been tested for its validity regarding structure and robustness. According to the study of Saisana and Saltelli (2010, p. 5-6) , "MPAT v.6 reveals no particular shortcomings in the conceptual structure, internally consistent, is not double-counting information, has a well-balanced structure, and is robust."
The researcher-administered survey was conducted to 153 respondents which was generated using Cochran (1977) formula and identified through the multi-stage random sampling. The first stage was a random sampling of villages or barangays in the upland communities of Goa. The dominant crops planted in the community such as palay, corn, and vegetables served as the basis for the clustering of the villages. Hence, the upland communities were divided into three clusterspalay (Cluster A), corn (Cluster B), and vegetables (Cluster C). Random selection draws Barangay San Pedro for Cluster A, Barangay Lamon for Cluster B, and Barangay Payatan for Cluster C. The last stage of the sampling, on the other hand, was a random sampling of the households within the randomly selected barangays. Moreover, a focus group discussion was conducted to 10 poor participants representing various crops being planted in identifying the deprivation cut-off, relative values and poverty cut-off.
The study applied multiple data analytical tools to extract the necessary findings that answered the objectives of this study. Specifically, the study used the percentage technique to describe the socio-demographic profile of the respondents; AF methodology to come up with a multidimensional poverty index; Pearson Correlation Coefficient to analyze the correlation between and among the dimensions of rural poverty or well-being; and Binary Logistic Regression analysis to evaluate the factors affecting the multidimensional poverty. The data were analyzed using a Spreadsheet and SPSS v20 software. The study applied counting, axiomatic and participatory approach to poverty measurement following AF methodology where eight steps were followed as presented in Figure 2 . The first step of AF methodology is to define the dimensions of well-being. The study used the 10 dimensions of rural poverty based on MPAT v.6. Table 1 presents the 10 dimensions and their subdimensions. The second and third steps involve assigning weights and deprivation cut-off for each dimension and indicator. In this case, a participatory approach using focus group discussion was employed to decide on the weights and deprivation cutoff. Likewise, the relative values (weights) per dimension were identified through FGD. On the other hand, the study used the User Guide of MPAT as the basis for weights per subdimension (IFAD, 2014) . Table 1 presents the weight per dimension and subdimension.
The fourth step calculates the deprivation score for each household using this mathematical formula:
Where: C i is the deprivation score of ith household
The fifth step is to define the cut-off on household deprivation score or the poverty cut-off. In this case, the participants of the FGD decided the poverty cut-off or the weight needed to be considered poor. The agreed poverty cut-off is 33.33, meaning if the deprivation score is higher than 33.33, the household is considered multidimensionally poor. This poverty cut-off is similar to the UNDP and OPHI poverty cut-off of 1/3 of the dimensions. Consequently, those who are below the poverty cut-off are considered non-poor and are assigned by "0" and those who are above the poverty cut-off are considered poor and are assigned by "1".
In the sixth step, the proportion of deprived households or headcount index (H) takes place. It was done by dividing the number of households that are multidimensionally poor at the given poverty cutoff by the total numbers of households. Sequentially, the intensity of poverty or average deprivation (A) can be calculated using the mathematical equation below:
Where: A is the average deprivation
q is the number of households that are multidimensionally poor
Step 1: Define Dimensions of Well-being
Step 2. Assign Weights to each dimensions
Step 3. Define deprivation cutoff
Step 4. Calculate Deprivation score
Step 5. Define poverty cut-off
Step 6. Calculate proportion of deprived
Step 7. Calculate the intensity of poverty
Step 8. Calculate the MPI Figure 2 . Eight-steps involved in multidimensional poverty measurement as adopted from Alkire and Foster (2007, p. 2011 Finally, the product of the poverty headcount ratio (H) and average deprivation (A) was obtained to come up with the multidimensional poverty index (MPI).
Results and discussion

Profile of the farming household-heads
The study collected the profile of the 153 randomly selected heads of the farming households in the upland communities of Goa, Camarines Sur according to age, sex, number of children, highest educational attainment, marital status, and crops planted.
The result shows that the average age of the farming household-heads is 46; 24 being the youngest and 84 being the oldest. The heads of the farming households are male-dominated (73). Femaleheaded households account for only 27% of the respondents who are mostly widows and single mothers. The average number of children of the respondents is five, with 14 dependents as the largest. Two-thirds of the respondents have 4 or more dependents. Elementary level is the highest educational attainment for the majority of the respondents (54%) while only a quarter (25%) have graduated from the secondary level and 5% have reached or graduated tertiary level. Most of the respondents (85%) are married. However, 14% of them are on the live-in relationship or common-law marriage.
Half the respondents sow or plant palay (50%) followed by vegetables (35%), coconut (30%), corn (20%) and root crops (17%). More than half of the respondents have at least two crops planted while 48% are dependent to only one crop such as rice (25% of the respondents), vegetables (14%), and corn (5%). A great majority of the respondents (71%) are dedicated only to temporary crops (such as rice, corn, etc.) while 1% of them are dedicated only to permanent crops (such as coconut, fruit-bearing trees). The rest (28%) have both permanent and temporary crops. It implies that almost half of the respondents do not practice crop diversification and most of them are dependent on temporary crops.
Multidimensional poverty index
Using the data gathered through the modified MPAT and the application of the dual cut-off method, the study found a high incidence of multidimensional poverty among the three Clusters or the upland communities of Goa as a whole as shown in Table 2 . The study found that three out of four farming households are multidimensionally poor. Hence, the incidence of multidimensional poverty among the farming households in the upland communities in Goa, Camarines Sur is twice the unidimensional poverty of 38.3% for the farmers as a basic sector in the Philippines. The incidence is higher because it measures 10 dimensions of poverty compared to monetary measures and is focused on upland communities which are poorer than of the farmers in the lowland communities (IFAD, 2014) . Similarly, in the global scale, the United Nations has reported a more than 800 million poor but the OPHI has reported 1.45 billion multidimensional poor. Moreover, Figure 3 shows that among the 10 dimensions, Farm Assets [7], Non-Farm Assets [8], and Exposure and Resilience to Shocks [9] appeared to have a high incidence of deprivations. That is, more than half of the farming households are deprived of Farm Assets (66.28%), Non-Farm Assets (88.24%) and Exposure and Resilience to Shocks (57.52%). The deprivation to these three "enabling environment" dimensions imply that the main problem of the farming households is on their livelihood-that is, the ability of the household to produce food and create agriculture-based income, and the ability to generate non-agricultural income, access to credit and household wealth. Additionally, exposure of the households to shocks worsens the ability of the household to generate income.
Cluster B has the most number of multidimensionally poor farming households with 42 or 82%. In contrast, it has the lowest intensity of 4.67 compared to the other two clusters. It means that the magnitude of deprivation in Cluster B is less than the other two clusters. Cluster C has the highest intensity of 5.50 which means that each multidimensionally poor household is deprived of four to seven of the dimensions. Collectively, the farming households in upland communities of Goa have a poverty intensity of 4.95 which means that each multidimensional household is deprived of four to six of the dimensions. Comparing the three clusters, Cluster A is the least multidimensionally poor with a multidimensional poverty index (MPI) of 3.30, a 0.54 and 1.01 less than Cluster B and C, respectively.
Relationship between and among the 10 dimensions of poverty
Pearson's r data analysis revealed that a weak to moderate positive and negative correlation exists among the 10 dimensions. Table 3 shows the Pearson's correlation coefficients between and among the 10 dimensions of rural poverty.
The dimension of Food and Nutrition Security [1] has weak positive correlation to Health and Health
Care [3] (r = 0.243), Sanitation and Hygiene [4] (r = 0.281), Housing and Energy [5] (r = 0.251), Farm Assets [7] (r = 0.172) and Exposure and Resilience to Shocks [9] (r = 0.213). This means that the more the household is food and nutrition secure the higher the quality of healthcare; the higher the quality of household sanitation, food waste management and personal hygiene; the higher the general construction quality of the home and energy sources; the higher the ability to produce food/and or create agriculture-based income; and the higher the ability to cope and recover despite the exposure to natural and socio-economic shocks or vice versa.
The result suggests that food and nutrition security is vital to the health of the farming households. The Food and Agriculture Organization [FAO] (2012) highlights that an individual's access to sufficient, safe and good quality of food is needed to be well-nourished. The PlanH (2016) also claimed that healthy eating promotes and supports physical, social and mental well-being and contributes to the overall health of the households.
Proper sanitation, hygiene, housing, and energy have a significant link to food and nutrition security. The United States Agency for International Development [USAID] (2013) considered water, sanitation, and hygiene (WASH) as an essential component for food security as it addresses its two components: availability of food and utilization of food. Accordingly, USAID advocates changing behaviors related to feeding and childcare and providing access to and proper usage of safe drinking water, hygiene and sanitation services to ensure good nutrition. Poor WASH condition leads to undernutrition due to infectious diseases (Mabhaudhi, Chibarabada, & Modi, 2016) which affects childhood growth and development (Cumming & Cairncross, 2016) . The ability of the household to generate agricultural income and produce food and their less exposure and resilience to shocks contributed to the food and nutrition security of the households. The correlation verified the profound role of agriculture in food security. According to the World Bank (2008) , agriculture plays a crucial role in sustaining the availability of food, providing sources of income to purchase food and offering high nutritional food. Also, exposure to shocks worsens food insecurity. In the study of Dornan, Oragndo Portela, and Pells (2014) in Peru and Vietnam, they found a significant relationship between experiencing floods and worsening food insecurity.
Further, Domestic Water Supply [2] has a weak positive correlation to Health and Health Care [3] (r = 0.280) and Non-Farm Assets [8] (r = 0.169) and weak negative correlation to Housing and Energy [5] (r = −0.219). It means that the higher the quality, stability, and accessibility to the water supply of the household the higher the quality of health; and the lower the construction quality of the home and energy sources or vice versa. It suggests that the quality and accessibility to domestic water supply are attributable to the quality of health of the households. The WHO (2008) estimates that half of the malnutrition is associated with repeated diarrhea or intestinal worm infections because of poor water, sanitation, and hygiene practices. Hence, "a safe, reliable, affordable, and easily accessible water supply is essential for good health" (Hunter, MacDonald, & Carter, 2010, p. 1) .
Furthermore, aside from its correlation to Food and Nutrition Security [1], Sanitation and Hygiene
[3] has a moderate positive correlation to Housing and Energy [5] (r = 0.323); and weak positive correlation to Farm Assets [7] (r = 0.244) and Non-Farm Assets [8] (r = 0.164). It means that the higher the quality of household sanitation, food waste management and personal hygiene the higher the general construction quality of home and energy sources; the higher the household's ability to produce food and/or create agriculture-based income; and the higher the household nonagricultural income-generating ability, access to credit and household wealth or vice versa. It suggests that the construction of better sanitation and hygiene facility is attributable to a household with sufficient income source. This result supports the findings of Abubakar (2017) and Mahama (2013) which claims that poverty is significantly related to using an unimproved facility or open defecation. The result also implies that the poor households with no stable source of income cannot build a modern sanitation facility.
Also, the result suggests that when a household has a good quality of home and energy sources, it also has a better toilet facility, and proper personal hygiene and waste management. Abubakar (2017) also found out that the number of rooms and access to electricity is significantly associated with the type of sanitation facility. Hence, the result implies that a good quality of home comes with modern sanitation facilities and hygiene practices.
Moreover, Housing and Energy [5] also has a weak positive correlation to Farm Assets [7] (r = 0.29), aside from its correlation with the other three dimensions. It means that the higher the general construction quality of the home and energy sources, the higher the household's ability to produce food and create agriculture-based income or vice versa. It suggests that the households with high agricultural income can construct a good quality home and can access modern energy services and clean cooking facilities. Similar to the studies of Barnes and Binswanger (1986 ), Llanto (2012 ), Narayanamoorthy and Hanjra (2006 , it implies that electrification has a direct impact on agricultural productivity.
Lastly, Farm Assets [7], aside from its correlation with three other dimensions, also has a weak positive correlation with Non-Farm Assets [8] (r = 0.165). It means that the higher the household's ability to produce food and create agriculture-based income the higher the household nonagricultural income-generating ability, access to credit and household wealth or vice versa. The result may be attributable to the farm/holdings of the farmers as it is used as collateral to access formal credit facility. Accordingly, farm size has a positive effect on farmers' access to credit (Asogwa, Abu, & Ochoche, 2014; Chandio, Jiang, Wei, Rehman, & Liu, 2017; Saqib, Kuwornu, Panezia, & Ali, 2017) .
Factors affecting multidimensional poverty
The last objective of this study is to evaluate the factors that affect multidimensional poverty among the farming households in upland communities in Goa, Camarines Sur. To materialize, the study employed the Binary Logistic regression analysis due to the dichotomous dependent variable -0 for non-poor and 1 for poor. The odds ratios measure the ratio of a chance when one moves from the reference modality to another modality within the same variable. If it is higher than 1, this movement leads to an increase in the risk of falling into multidimensional poverty. If the probability (p > z) is <5%, then the risk is significant. Table 4 revealed that there is a significant association between multidimensional poverty and live-in marital status (p = 0.045), distance to the town center (p = 0.016), permanent crops (0.02); and diversified crops (p = 0.001). The odds ratio also revealed that a live-in status is 15 times a predictor that a person may fall into multidimensional poverty than being single. Similarly, the farther the residence to the town center is 1.32 times more likely that a household may fall into multidimensional poverty. Distance as a factor of multidimensional poverty also reflected on the study of Maity and Buysse (2017) in Udalguri district, Bodoland. They observed that the farthest the village from the town, the residents are not able to enjoy the facilities such as hospitals and schools which contributes to multidimensional poverty. Further, the study revealed that sowing/planting diversified crops are less likely to be a predictor that the household will fall into multidimensional poverty than having temporary crops. Although having temporary crops (e.g., rice, corn, vegetables) is a strong predictor of multidimensional poverty. The study also revealed that age, sex, number of children, educational attainment, number of crops planted, and the informal ex-ante social risk mechanisms in place has no significant association with multidimensional poverty. This model is significant χ2 (5, N = 153) = 33.734, p = 0.001 with between 19.8 and 30 percent of the variance in the dependent variables is explained by the independent variables. Additionally, Hosmer-Lemeshow Test (p = 0.464) is greater than the significance level of 0.05 which indicate that there is not enough evidence to conclude that the model does not fit the data. Further, the percentage accuracy classification (PAC) of the model is 80.4 which means that 80.4% of doing prediction using this model is correct.
The regression result in
Conclusion
Combining counting and participatory approaches in poverty identification is useful in measuring the reality of multidimensional poverty in rural areas. Participatory approach is useful in identifying deprivation and poverty cut-off and the weights of the dimensions. In this way, the residents who are in poverty were given the voice to identify and define the reality of poverty per dimension in their own locality.
Significantly, the study revealed that the upland farming households' inadequate capacity to produce food and agricultural income as measured by their farm holdings, land tenure, and farm inputs, and their inadequate ability to generate non-agricultural income, and household wealth and their low access to formal credit facility have contributed a lot of on higher intensity of poverty. Their exposure to idiosyncratic and covariate shocks also contributed to worsening their ability to generate farm and non-farm income. Hence, three of 4 farming households are poor because they have no stable and other source income and are dependent on subsistence farming.
In general, the study recommends that the social protection program of the government should not only be limited to addressing the inadequacy of the basic needs. The government should focus more on livelihood or income generation of the upland farmers to make the program more sustainable. Three important dimensions-farm assets, non-farm assets and exposure and resilience to shocks-should also be emphasized to ease the intensity of deprivation among the farming households. These dimensions are the source of food and income for the upland farmers. Hence, their inability to produce food and income may affect other dimensions. Specifically, the study suggests strengthening the Crop Insurance Program to provide a safety net among the farming household in case their livelihood was barely affected by extreme weather conditions. Institutionalizing sustainable livelihood program to capacitate the farming households so that in time they are waiting for the harvest time or period when they were not able to sow/plant crops due to weather condition, they still have another source of income. Enhance the farmer's access to a credit facility with minimal requirements and reasonable interest rates to encourage the upland farmers to invest in high-value crops. Mina and Reyes (2017) claimed that an accessible and comfortable credit facility could be done by expanding the access of the farmers to microfinance and encouraging the private banks to relax their lending requirements. Similarly, the importance of organizing or solidifying farmer's organization or membership to the agricultural cooperative is vital to strengthen social capital and to access funding from the government collectively.
The results of the study, however, have to be seen in light of some limitations. The study focuses only to the upland farming communities of one municipality of the Philippines which suggests exploring other rural populace in a wider scope.
